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Abstract  

The purpose of this study is to propose Pricing Strategy. First, 
this study determines the dominant factors that influence the 
housing prices in Denpasar as the Capital city of Bali Island, a 
center of tourism in Indonesia, and Jakarta as the Capital City 
and central government of Indonesia. This study uses a 
multiple linear regression test; the sample was 115 houses 
data, 60 houses in Denpasar and 55 in Jakarta. Second, this 
study will propose a strategy for determining house prices. 
The survey results will show what factors are dominant in 
determining the number of housing prices in Denpasar and 
Jakarta. This research is helpful for home sellers to determine 
the cost of the house to be sold. This research is also beneficial 
for prospective home buyers to assess the reasonableness of 
the house price they will buy. This study also covers the 
discussion regarding the consideration of homebuyers in 
terms of taxes. 
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Introduction 

Indonesia is a country with a large population and a high population growth rate. 

On Wednesday, July 5, 2022, Indonesia's population was 279,313,102, based on 

the elaboration of the latest United Nations data (World Population Review, 2022 

and Worldometers, 2022a). Indonesia's population is equivalent to 3.51% of the 

total world population. With such proportions, Indonesia is ranked number 4 in 

the list of countries based on population, after China, India, and the USA 

(Worldometers, 2022b). The graph of population growth in Indonesia can be seen 

in Figure 1. 

 

 
Figure 1. 
Indonesia Population (1950-2020) 
Source: Worldometers (2022)  
 
Home is vital for human life besides the need for food and drink. House has been 

one of the essential human needs since prehistoric times as a shelter. Evolution 

and technology move forward in line with time. So now, the home is not only a 

place to live but also has become a measure of one's standard of living and long-

term investment for homeowners. The large population in Indonesia means that 

the need for houses as a place to live is also getting more prominent, following the 

Supply and Demand Theory. The increase in population also raises the need for 

housing, resulting in the emergence of property developers both individually and 

in organizations—the emergence of property developers resulting in increased 

home price competition. The growth of the housing business causes developers to 

compete by attracting consumers to choose the house. One factor that can attract 

consumers is the selling price. Because of high competition, the housing company 

must know which factors will determine the house's price. 

 Denpasar is the capital of Bali province, the most famous tourism centre in 

the World. The beautiful nature of Bali makes the island of Bali always crowded 

with tourists from all over the World. Denpasar city land is very narrow, 127.78 

km2 of the total area of Bali, which is 5636.66 km2 (BPS, 2022). When opening the 

Sanur Village Festival XIV in August 2019, Indonesian Tourism Minister Arief 

Yahya said that Bali Tourism alone contributed 40% of the national tourism 
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foreign exchange of 7.6 billion US dollars, equivalent to around Rp100 trillion 

(Putera, 2019). So tourism certainly affects the property business in Bali. The price 

of land and buildings in Bali is costly because of the lack of available land. The 

COVID-19 virus from 2020 until now has not prevented Bali from operating as a 

tourist destination. Indeed, COVID-19 shook Bali, but with the help of the local and 

national governments, Bali was reopening and was still regarded as a world-class 

tourist destination. The area of Bali, especially the city of Denpasar, is still popular 

with property speculators who are aggressively seeking land for investment and 

business. 

 Unlike other countries with the capital as a government Centre, and also 

have capital for business, industrial, and entertainment centres, Indonesia has 

Jakarta as a government Centre, business centre, and industrial and entertainment 

centre. In Jakarta, the government erects many buildings, from ministries to non-

ministerial state institutions. Of course, this affects buildings in the vicinity that 

have experienced price increases. In addition, Jakarta's infrastructure is complete, 

so the price of land and surrounding buildings will also go up. Many people pass 

by Jakarta to work in business and industry centres. The entertainment centre 

factor also raises the price of land and buildings in Jakarta. 

 For many years, very little research has been conducted to understand 

consumers' needs and wants regarding housing preferences and interests (Mills, 

2000). According to MacLennan (2002), housing is a bundle of attributes. Some of 

these attributes are derived from the internal characteristics of the housing unit, 

such as the number of rooms, and facilities, while external is location and 

accessibility to utilities. Hence, Ozaki (2002) has suggested that researchers focus 

on this issue and simultaneously bridge the gaps between consumers and housing 

developers. Therefore, it is imperative to investigate consumer perceptions, 

particularly various factors influencing their buying behaviour. Customers' 

perception is essential since this study may provide crucial insight for real estate 

developers to satisfy the needs and wants of their customers to determine house 

prices. Hong et al. (2019) evaluated the impact of construction year, area, number 

of building floors, and distance to numerous key destinations in predicting 

Gangnam, South Korea, real estate market prices. Hong et al. (2019) found that all 

variables affect property prices except for the distance of the building from 

essential places, because land in Korea is minimal, or because Korea's 

transportation infrastructure is so advanced that consumers do not consider the 

distance of the building. Usman et al. (2021) studied the influence of building size, 

building age, and building height on building pricing. The test is conducted by 

linear regression and compares five areas of property sub-markets in Malaysia, 

namely Gombak, Hulu Langat, Hulu Selangor, Kelang, and Kuala Lumpur; the 

results indicate that the test must be conducted per sub-area to obtain accurate 

prediction results for determining building prices. 

 This study will also examine the factors that determine home prices. As far 

as is known, no research has ever been conducted to estimate property values by 

comparing predictions in the nation's capital with tourism centres in the same 

country. The world-famous tourist destination of Bali is located on the Indonesian 

island, making Indonesia a highly unique country. The study was conducted to 

compare the factors affecting the selling price of houses in the Denpasar and 
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Jakarta areas. Aspects of the location of housing, physical facilities, and public 

facilities are the main focus and limit the scope of the study in this paper. This 

study benefits various parties who play a prominent role in the housing sector. The 

housing company must know which factors will determine the price of the old 

house. The housing company needed accuracy in making decisions, which must be 

considered and considered for the housing developer to set housing prices. 

Prospective buyers also need to know what factors influence the formation of 

House Prices to buy a house reasonably. This study also covers the discussion 

regarding the consideration of homebuyers in terms of taxes. 

Theoretical framework and model 

Consumer buying behavior is studied as a part of marketing, and its main 
objective is to learn how consumers choose, buy, use, and dispose of the 
goods and the service they need and want (Kotler & Keller, 2012). One of 
the main highlights during the selection process is that the consumer 
estimates the available money they can spend. Finally, the consumer 
analyses the prevailing prices and decides the commodities. Price can be 
defined as exchange rates between two parties that carry out any dealing 
or transaction. Price can also be defined as a transaction medium where one 
party pays for the products or services the other party provides. 
 From a real estate perspective, house buyers will begin by 
identifying the objectives of buying residential properties and then 
measure the related factors before (Thaker & Sakaran, 2016). From a real 
estate perspective, price is considered a critical factor in decision-making 
(Salleh et al., 2015). The price imposed by the developer is based on the 
current market price. Housing has many features that distinguish it from 
other assets, like equity. Real estate is not only an asset but also a durable 
consumption suitable for households, providing shelter and other housing 
services. As a result, a house is often the largest and most important asset 
of households and therefore accounts for a significant share of household 
wealth (Goodhart & Hofmann, 2007). 
 The urban amenities theory is the grand theory of this study. This 
theory gives a foundation for comprehending the factors that influence 
housing demand. According to the urban amenities theory, land values 
primarily explain housing prices, and proximity to amenities influences 
land values (Herath, 2021). In this study, the Hedonic Price Method is the 
analytical tool. Theoretically, the hedonic pricing model is based on 
Lancaster (1966) and Rosen (1974). According to Lancaster's 
characteristics demand hypothesis, customers get utility not from the 
things themselves but their features. Thus, the consumption of a thing can 
be viewed as the consumption of the good's composite qualities. The 
features demand theory was extended to the hedonic pricing model by 
Rosen (1974). He proposed that the value of a product may be divided into 
the values of its qualities. Under the assumption that each attribute has a 
special implicit price in a market at equilibrium, the price of an item can be 
understood as the sum of the attribute prices, meaning that the price of a 
good can be regressed on its features. 
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 Wen and Goodman (2013) researched the urban land price and housing 

price as endogenous variables, five factors for the land price, and seven factors for 

housing price as exogenous variables. Housing price and land price have an 

endogenous interrelationship, and as a whole, housing price has a more significant 

influence on the land price. Per capita, disposable income is not only an essential 

factor for the land price but also directly impacts housing prices. 

 Wen, Bu, and Qin (2014) analyze the spatial effect of the urban lake on 

housing prices in two ways: direction and distance heterogeneity. Results show 

that West Lake has a significant positive effect on housing prices. The housing price 

will drop by .15% as the distance to West Lake increases by 1%. The amenity effect 

of West Lake on housing prices exhibits the directional and distance 

heterogeneities. Nur Azizah et al. (2015) performed calculations to determine the 

selling price of a house using the Tsukamoto fuzzy inference system. The tests 

concluded that genetic algorithms could significantly reduce errors in determining 

house prices. The use of fuzzy logic alone can still get relatively large errors; 

therefore, genetic algorithms are used to determine the appropriate value limit of 

membership functions to reduce the error value.  A previous study that places in 

the real estate industry is based on Li's (2010) research called intra-city housing 

alternatives. He found that eight factors and 18 attributes were assessed in his 

research—the factors listed in figure 2. 

 
 

 
Figure 2. 
Intra-city Housing Choice Hierarchy 
Source: Li (2010) 
 
Hong et al. (2019) studied the impact of construction year, area, number of 

building floors, and distance to multiple significant destinations on predicting the 

prices of Gangnam, South Korea, real estate market. They concluded that all 

variables affect property prices except for distance from critical destinations 

because the land is scarce in Korea or because Korea's transportation 

infrastructure is so advanced that consumers do not consider the building's 

location. Usman et al. (2021) analyzed the impact of building size, building age, and 

building height on building prices. Comparing five property sub-market locations 

in Malaysia, namely Gombak, Hulu Langat, Hulu Selangor, Kelang, and Kuala 
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Lumpur, the results indicate that the test must be conducted in each sub-area in 

order to acquire appropriate prediction results for estimating building prices. 

Herath (2021) proposed a framework referred to as a consumer preference-based 

approach to urban amenity provision to illustrate how hedonic prices disclose the 

values inhabitants attribute to adjacent amenities and how planners might use this 

knowledge in their decision-making. This new framework, based on a house price 

model generally used to explain housing demand and pricing 

Methods 

This study uses secondary data obtained from the website: rumahku.com. There 

are 60 data houses in Denpasar and 55 in Jakarta used in this study. This study 

used multiple linear regression methods to study the influence of ten independent 

variables, i.e., Distance1, Distance2, Distance3, Electricity, Building Area, Land 

Area, Number of Bedrooms, Number of Bathrooms, Free-flood area, and Security 

Availability on the House Prices as dependent variables. 

 House Prices, measured using billions of rupiah, Distance1 is the distance 

between the house and the main road in kilometres, Distance2 is the distance 

between the house and the city centre in kilometres, electricity is measured in 

units of Kwh, Distance3 is the distance between the house and public facilities, 

Building Area is the area of house building in m2, Land Area is the area of land 

where the building is in m2, Number of Bedrooms is measured in units of the 

number of bedrooms, Number of Bathrooms is measured in units of the number of 

bathrooms, Free flood is measured by one if free flood and 0 if not free flood, and 

Security Availability is measured by one if available and 0 if not available. 

 Some analytical techniques carried out in this study are as follows: (1) 

descriptive statistics were carried out to find a picture of the data obtained. (2) A 

matrix Plot was conducted to see the distribution of data, with the Y-axis being the 

house price and X being ten independent variables determining the house price. 

(3) The correlation test is performed on independent variables with interval and 

ratio data to detect the presence of multicollinearity. (4) Regular Test, as a 

condition of using the parametric statistical test, a normality test on the residual 

value of the regression equation is performed. (5) Regression Test. It is done to 

determine which variables affect the price of the house. Two regression equations 

will be compared, namely (1) regression equation for houses data in Denpasar and 

(2) regression equation for houses data in Jakarta. The five analysis techniques 

above will be used for both Denpasar and Houses data in Jakarta. 

Results and discussion 

Descriptive statistics 

From Appendix 1 it can be seen the sample characteristics of the two cities. It can 
be seen that the data of houses in Jakarta have a greater distance from the main 
road and the city centre compared to houses in Denpasar; this is due to the area of 
the city of Jakarta 661.5 km (Jakarta Opendata, 2022), six times the area of 
Denpasar City. The land area of a house in Denpasar is more expansive than a 
house in Jakarta; this shows that the density of houses in Jakarta is denser than in 
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Denpasar. The building area in Jakarta is more expansive than in Denpasar; this is 
reasonable because there are many terraced houses in Jakarta, while in Denpasar, 
there are regulations that houses should not be taller than temples that not all 
houses can be terraced. 

 
Figure 3. 
Matrix Plot of Houses Data in Denpasar 
Source: Calculated data (2021) 
 
The matrix plot (Figure 3 and 4) shows the visualization of the data 

distribution used in this study. The focus of the discussion is on the Y-axis. 

House prices with the X-axis are non-categorical independent variables. 

From the Matrix Plot of home data in Denpasar, it can be seen that 

distance1, distance2, and bathroom do not correlate with house prices; this 

can be seen from irregular patterns and does not follow fit line regression. 

Whereas in Denpasar City, Distance3 seems to correlate with house prices 

negatively. Electricity, land, buildings, and bedrooms positively correlate 

with home prices. From the Matrix Plot of house data in Jakarta, it can be 

seen that distance1, distance2, building, bedroom, and bathroom do not 

correlate with house prices; this can be seen from irregular patterns and 

does not follow fit lines regression. Whereas in Jakarta, Distance3 seems 

negatively correlated with house prices. Electricity and land have a positive 

correlation with home prices. 
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Figure 4. 
Matrix Plot of Houses Data in Jakarta 
Source: Calculated data (2021) 
 

 
Correlation analysis 

The Pearson Correlation test is only done on independent variables with 
non-categorical data. From Table 1, it can be seen from the two cities that 
there is no correlation approaching the number 1, which indicates a strong 
correlation. However, some correlation numbers show numbers above .70, 
so multicollinearity is possible in several independent variables. A 
multicollinearity test will be conducted using Variance Inflation Factors to 
clarify the test results further. 
 
Table 1.  
Correlation Test (Denpasar and Jakarta) 

Denpasar 

  
Dist 1 
(km) 

Dist 2 
(km) 

Dist 3 
(km) 

Elect 
(kwh) 

Land 
(m2) 

Build 
(m2) BedRoom 

Distance 2 (km) .41          

Distance 3 (km) .55 .10         

electrical (kwh) -.20 -.27 -.13       

Land (m2) -.10 -.24 -.02 .75      

Building (m2) -.15 -.20 -.03 .72 .78    

BedRoom -.06 -.11 -.05 .53 .65 .76   

BathRoom -.15 -.06 -.05 .55 .48 .73 .70 

Jakarta 

  
Dist 1 
(km) 

Dist 2 
(km) 

Dist 3 
(km) 

Elect 
(kwh) 

Land 
(m2) 

Build 
(m2) BedRoom 

Distance 2 (km) -.43          

Distance 3 (km) -.09 -.10         
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electrical (kwh) -.07 .20 -.36       

Land (m2) -.00 .24 -.37 .70      

Building (m2) -.00 .15 -.31 .67 .78    

BedRoom -.06 .16 -.37 .06 .59 .61   

BathRoom .07 .18 -.42 .64 .66 .63 .77 
Source: Calculated data (2021) 
 

 
Normality 

The normality test (Appendix 2) is carried out on the residual value of the first 

regression equation, that is, for data on Denpasar city houses, and on the residual 

value of the second regression equation, that is, for Jakarta city house data. From 

Figure 3, it can be seen that the P-value of the residual equation in the Denpasar 

regression equation is .31; this shows that the distribution of residuals is normally 

distributed. Figure 3 shows that the P-value of the residual regression equation in 

Jakarta is .10; this shows that the distribution of residuals is normally distributed. 

Because the residual values of the two equations are normally distributed, the 

Multiple Linear Regression Test can be performed. 

 

Regression 

Appendix 3 shows four variations of the regression equation based on two 

variables that have categorical data, namely free flood, and security. If seen, the 

four equations have the same variable coefficient values. The difference is in the 

constant value. For example, the Distance1 coefficient value is .06 in four equations 

and the other non-categorical variables in this study. The constant value indicates 

the House Price if all non-categorical variables are zero or not included in the 

study. From the constant values, it can be seen that the difference in the availability 

of security results in a significant difference in the value of the house (no security 

= .26 and .20, there is security = .57 and .51). The difference between a flood-free 

zone and no one does not result in a significant change in a constant value. The 

regression equation shows that housing prices in Denpasar are more dependent 

on the presence or absence of security than in flood-free areas because the whole 

area of Denpasar is flood-free. Home sellers and prospective buyers can use the 

four regression equations in table 3 to determine an affordable home price. 

 Appendix 4 shows the influence and direction of ten independent variables 

on house prices in Denpasar as the dependent variable. Hd1, Hd2, Hd8, Hd9, and 

Hd10 are not supported, and Hd3, Hd4, Hd5, Hd6, and Hd7, are supported. It can 

be seen that the distance from home to public facilities (Distance 3) hurts house 

prices. People buy houses in Denpasar for vacation and leisure and favour homes 

near public facilities. 

 Electricity positively affects house prices; a large amount of electricity 

capacity causes occupants of homes in the electronic age to use sizeable electrical 

power freely. Land area and building area have a positive effect on house prices. 

The number of available beds hurts house prices; this is due to the characteristics 

of residents in Denpasar who like a spacious room even though a little more than 

much space but narrow. Balinese people need space for worship, so they prefer 

using space as a place of worship rather than a bedroom. 
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 The variables that most influence housing prices in Denpasar are land area, 

electricity, number of bedrooms, building area, and the distance between the 

house and public facilities. The distance between the houses to the main road, the 

distance between the house to the city centre, the number of bathrooms, and 

whether there is a security and flood-free area do not affect the price of houses in 

Denpasar. The availability of sharing economy applications such as Grab and Gojek 

make it easy for residents of homes far from essential places to get their needs 

without having to leave the house. 

 Appendix 5 shows four variations of the regression equation based on two 

variables that have categorical data, namely free flood and security. If seen, the 

four equations have the same variable coefficient values. For example, the 

Distance1 coefficient is -.02 in four equations and the other non-categorical 

variables in this study. The difference is the constant value. From the constant 

value, it can be seen that if the house is not flood-free and does not have a security 

system, then the constant value is .575; if the house is not flood-free and has a 

security system, then the constant value is 1,763, if the house is flood free and does 

not have a security system then the constant value is 1,65, if the house is flood free 

and has a security system, the constant value is 2,84 The constant value indicates 

the House Price if all non-categorical variables are zero or not included in the 

study. The change in the value of the constant shows that house prices in Jakarta 

depend on the presence or absence of security and flood-free area. Home sellers 

and prospective buyers can use the four regression equations in table 2 to 

determine the price of a good home. 

 

Table 2.  
Regression Equation for House Data in Jakarta 

Term Coef SE Coef T-value P-Value VIF 

Constant .57 .49 1.15 .25   

Distance 1 (km) -.03 .016 -1.72 .09 1.44 

Distance 2 (km) -.02 .02 -0.82 .41 1.44 

Distance 3 (km) -.16 .06 -2.40 .02 1.33 

electrical (kwh) .00 .00 3.96 .00 2.68 

Land (m2) .00 .00 3.07 .00 4.75 

Building (m2) -.00 .00 -1.02 .31 3.04 

BedRoom -.15 .13 -1.15 .25 2.94 

BathRoom .18 .13 1.38 .17 3.41 

Flood 1.08 .40 2.67 .01 3.87 

Security 1.18 .45 2.64 .01 4.51 

Source: Calculated data (2021) 
 
Table 2 shows the influence and direction of the ten independent variables on 

house prices in Jakarta as the dependent variable. Hj1, Hj2, Hj6, Hj7, Hj8 not 

supported and Hj3, Hj4, Hj5, Hj9, Hj10 supported. It can be seen that the distance 

from home to public facilities (Distance 3) hurts house prices; this is because 

people buying houses in Jakarta want to avoid traffic jams that are the daily habits 

of Jakarta residents, so they favour homes that are near from the crowd.  
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 Electricity positively affects house prices; a large amount of electricity 

capacity causes occupants of homes in the electronic age to use sizeable electrical 

power freely. The land area has a positive effect on house prices. Variation in the 

presence or absence of a security system positively affects house prices. Similarly, 

variations in flood-free areas have no positive effect on home prices.  

  

Table 3.  
Comparative Regression Test Result 

 
 
 
 
 
 
 
 
 
 
 
 
 
 

Source: Calculated data (2021) 
 
The distance between the house and the main road, the distance between the 

house and the city centre, the extent of the building, and the number of bathrooms 

do not affect the price of houses in Jakarta. The variable order that most influences 

the price of houses in Jakarta is electricity, land area, free flood, security system 

availability, and the distance between the house and public facilities. 

 The x sign-in table 3 shows that the independent variable does not affect 

house prices; the sign v (-) shows the independent variable hurts house prices. The 

sign v (+) shows that the independent variable positively affects house prices. In 

the regression test for Denpasar City data, the R squared (Adj) value of 93.02% 

was found, meaning that the House price value was formed by independent 

variables of 93.02% and other variables outside the study formed the remaining 

6.98%. In the regression test for Jakarta City data, the R squared (Adj) value of 

89.83% was found, meaning that independent variables of 89.83% formed the 

House price value, and other variables outside the study formed the remaining 

10.17%. 

 
Discussion and practical implications 

In Denpasar and Jakarta, the distance between the house and the main road is no 

longer a consideration in determining housing prices. For the city of Denpasar, this 

is because Denpasar residents tend to have private vehicles, so the distance 

between the house and the main road is not essential. For residents of Jakarta, the 

lack of land can cause home buyers to not care about the distance to the main road 

as long as it is still in the Jakarta city area. The distance between the house and the 

city centre is also not considered for determining housing prices in Denpasar and 

Jakarta. According to Alonso (1964), the distance to a CBD is the primary factor 

Variables Denpasar Jakarta 

Distance 1 (km) X X 

Distance 2 (km) X X 

Distance 3 (km) V (-) V (-) 

electrical (kwh) V (+) V (+) 

Land (m2) V (+) V (+) 

Building (m2) V (+) X 

BedRoom V (-) X 

BathRoom X X 

Flood X V (+) 

Security X V (+) 

R-Square (Adj) 93.02% 89.83% 
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affecting housing costs. However, this approach has drawn criticism since it cannot 

account for polycentric spatial structures. It is especially troublesome in this day 

and age when many members of the household labour across multiple locations 

(Heikkila et al., 1989). Therefore, it may be argued that access to transportation 

hubs or even transportation infrastructure (from which one can quickly travel to 

numerous destinations) is arguably more crucial. Hong (2021) mentioned that 

proximity to the location is no longer a factor when purchasing a home, 

particularly in places with adequate transit. In addition, the COVID-19 epidemic 

has hastened the development of information technology, allowing customers to 

meet online rather than in person. Food delivery services that have become a part 

of the culture of the community have also contributed to the fact that distance is 

no longer a concern when selecting where to buy a home. 

 Another similarity can be seen in the distance from the house to public 

facilities (Distance3), which negatively affects the price of the house. This research 

result supports the research by Huang and Hess (2018), which also shows a 

negative relationship between all the measures of distance to school (elementary, 

middle, and high schools) and housing values. In other words, the further a house 

is away from schools, the less value the house will have. Neither the electric power 

nor land area positively affects housing prices in Denpasar and Jakarta. This result 

supports Cerin et al. (2014), which suggest that the property market values energy 

performance. 

 The building area is essential in determining housing prices in Denpasar 

but not Jakarta. The more extensive a building is, the higher the price of houses in 

Denpasar. However, for houses in Jakarta, the area of the building, which also 

shows the level of the building, does not affect the price; this is due to Jakarta's 

limited land so that high-rise buildings have become commonplace, in contrast to 

houses in Denpasar, whose level of the building may not exceed those stipulated 

by the Balinese custom of Pura. While in Jakarta, the variable number of bedrooms 

does not affect house prices. The unique thing is that the number of bedrooms 

hurts house prices in Denpasar because this is due to the characteristics of 

residents in Denpasar who like to renovate their homes so that they prefer an 

ample space even though a little more than much space but narrow. 

 Safety and flooding are not the main pricing concerns in Denpasar; since 

all Balinese residents have traditional security officers, namely pecalang, in each 

village, a security system is considered unnecessary. In contrast to Jakarta, which 

has many flood-prone areas and a high crime rate, in Jakarta, the difference 

between Regions that have a security system with no security has a positive effect 

on housing prices. The difference between anti-flood and non-flood areas 

positively affects housing prices in Jakarta. Property brokers in Jakarta should pay 

attention to electric power, the extent of Land, Free Flood, Security system 

availability, and the distance between houses and public facilities to get high 

housing prices. Property brokers in Denpasar should pay attention to the extent of 

land, electric power, number of bedrooms, building area, and the distance between 

houses and public facilities to get high housing prices. 

 Before making a home purchase transaction, it is better to know and 

consider the costs involved in a buying and selling transaction, especially the home 

purchase tax. It is crucial to know how to calculate the home purchase tax so that 
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later the buyer will not be surprised if there are additional costs beyond the 

house's value. The following are the costs that can appear on the purchase of a 

home in Indonesia: 

 Cost of making contract of sale. The initial stage of negotiating settlement 

begins with making a Sale and Purchase Deed, which states that the seller is willing 

to release the house at an agreed price to the buyer. The Contract of the sale cost 

in Indonesia is calculated at 1% of the transaction value. The buyer usually bears 

the cost of this deed of sale. However, sometimes the cost of the Contract of sale is 

shared if there is an agreement, especially if the house has a relatively large 

transaction value. 

 Cost to check certificate legality. This process is critical to find out the 

certificate legality of the house to be purchased and avoid disputes in the future 

because of the problematic property. The fee is around Rp. 100,000. It is safer to 

check the document's validity before making a transaction. 

 Certificate transfer fee. If the buyer buys directly from the homeowner, the 

buyer must carry out a Name Transfer procedure. If a buyer buys a new house from 

a developer, there is no need to take care of this. The fee is 2% of the transaction 

value or determined following local government regulations. 

 Land and building rights acquisition fee. Land and Building Rights 

Acquisition Fee, also known as BPHTB in Indonesia, is a house purchase tax that is 

the home buyer's responsibility. This house purchase tax is mandatory and is paid 

on acquiring land and building rights purchased. 

 Value added Tax/VAT. Value added tax is another home purchase tax that 

must pay as a home buyer. If the buyer buys property from the developer who is a 

Taxable Entrepreneur (PKP), then the way to calculate the home purchase tax is to 

multiply the price of the land by the 10% rate. If the seller is not a PKP or 

transaction for a second house, the buyer is responsible for depositing VAT 

directly to the state treasury. The costs incurred in buying and selling houses are 

sometimes not small. Therefore, the buyer should also take this into account in the 

budget. Learning how to calculate home purchase taxes is a wise step. 

 
Limitations and further study agenda 

Some of the limitations of this research include: first, from this research, property 

brokers can determine factors that can increase home prices; prospective buyers 

can determine the reasonable price range of homes. Property Brokers should also 

consider the culture in a different location when imposing the prices. Different 

cultures have different values, such as Jakarta cultures often emphasize 

individualism which focuses on the individual, while Denpasar cultures emphasize 

collectivism which focuses on conformity to the group. In order to provide the 

right products and services at the correct prices, property brokers should 

understand the essential cultural differences between their customers (Barratt, 

1989). Second, the different cultural backgrounds can influence decision-making 

(Worzala & Newell, 1997).  A similar study can be done in big cities other than 

Jakarta and Denpasar. Further research can be done by examining other factors in 

home-buying decisions, such as exposure and information processing (Sachdeva, 

2020) and sustainability factors (Judge, 2019). In addition to the Hedonic Price 
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Method, other study methodologies include Machine Learning and the Random 

Forest Approach. 

Conclusion 

This study aims to determine the dominant factors influencing the housing prices 

in Jakarta as the Capital City of Indonesia and Denpasar as a Tourism Centre on 

Bali Island, Indonesia. This study uses multiple linear regression tests, and testing 

is performed on data from two cities. From the city of Denpasar, it was found that 

the factors that affected the price of houses in the city were the extent of land, 

electricity, number of bedrooms, building area, and the distance between the 

house and public facilities. From the city of Jakarta, it was found that the factors 

that affected the price of houses in the city were electric power, land area, free 

flooding, security system availability, and the distance between the house and 

public facilities. 
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Appendix 1. Statistics Descriptif (Denpasar and Surabaya) 
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Appendix 2. Normality Test of Residual Value 
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Appendix 3.  Regression Equation for House Data in Denpasar 
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Appendix 4.  Regression Equation for House Data in Denpasar 
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Appendix 5.  Regression Equation for House Data in Jakarta 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Equation Flood Security Equations (Denpasar Houses Data) 

1 0 0 

Price (Billion) = 0.575 - 0.0290 Distance 1 (km) - 0.0195 
Distance 2 (km) - 0.1668 Distance 3 (km) + 0.000426 
Electrical (kwh) + 0.00728 Land (m2) - 0.00118 Building 
(m2) - 0.151 BedRoom + 0.185 Bathroom 
 
 

2 0 1 

Price (Billion) = 1.763 - 0.0290 Distance 1 (km) - 0.0195 
Distance 2 (km) - 0.1668 Distance 3 (km) + 0.000426 
Electrical (kwh) + 0.00728 Land (m2) - 0.00118 Building 
(m2) - 0.151 BedRoom + 0.185 Bathroom 
 
 

3 1 0 

Price (Billion) = 1.659 - 0.0290 Distance 1 (km) - 0.0195 
Distance 2 (km) - 0.1668 Distance 3 (km) + 0.000426 
Electrical (kwh) + 0.00728 Land (m2) - 0.00118 Building 
(m2) - 0.151 BedRoom + 0.185 Bathroom 
 

4 1 1 

Price (Billion) = 2.847 - 0.0290 Distance 1 (km) - 0.0195 
Distance 2 (km) - 0.1668 Distance 3 (km) + 0.000426 
Electrical (kwh) + 0.00728 Land (m2) - 0.00118 Building 
(m2) - 0.151 BedRoom + 0.185 Bathroom 
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